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Abstract: Scoliosis is a common three—dimensional spinal deformity in children. Early and accurate diagnosis and intervention can ef-
fectively prevent the progression of scoliosis. In recent years, artificial intelligence has made remarkable progress in image recognition tasks,
processing medical images through steps such as data collection, feature extraction and model construction, and has been initially applied to
the intelligent diagnosis of scoliosis, and is expected to overcome the shortcomings of manual measurement relying on doctor experience,
time—consuming and laborious, and poor repeatability. This paper reviews the research progress of artificial intelligence in the diagnosis of
scoliosis in children, and provides research ideas and references for the development of automatic and intelligent scoliosis diagnosis and
treatment tools in the future.
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